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Housekeeping Tips

I = .

« Today's Webinar is scheduled for T hour
«  The session will include a webcast and then your questions will be answered live at the end of the presentation

« All dial-in participants will be muted to enable the speakers to present without interruption

« Questions can be submitted to “All Panelists” via the Q&A option and we will respond at the end of the presentation

«  The webinar is being recorded and will be available on our Success Portal - where you can download the slide deck for
the presentation. The link to the recording will be emailed as well.

« Please take time to complete the post-webinar survey and provide your feedback and suggestions for upcoming topics.
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More Information

u>

Success Portal Communities & Support

https://success.informatica.com https://network.informatica.com

“ Informatica
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Documentation

https://docs.informatica.com

University

https://www.informatica.com/in/s
ervices-and-training/informatica-
university.html



Safe Harbor

The information being provided today is for informational purposes only. The
development, release, and timing of any Informatica product or functionality
described today remain at the sole discretion of Informatica and should not be
relied upon in making a purchasing decision.

Statements made today are based on currently available information, which is
subject to change. Such statements should not be relied upon as a
representation, warranty or commitment to deliver specific products or

functionality in the future.
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Agenda

 Recap of Episode 1
1 Understanding Gen Al Project Flow — Breaking down the stages of a Gen Al implementation
J Deep Dive into Informatica's blueprints of Gen Al Architectures
(J Gen Al Use Case with Industry examples:
(J Healthcare-Automating Patient Admission
1 Insurance- Claims Processing with Gen Al
J Demos:
L Ingesting documents to Vector Database using CDI
L Creating a RAG Ingestion Pipeline with Low Code No-Code
(J Q&A Session — Address queries and discuss key takeaways
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Episode 1 Recap
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_ Episode 1 Recap
(‘ Informatica

Gen Al Terminology

Natural

Large Language Language Machine
Models (LLM) Processing Learning
(NLP)

Text Generation

Retrieval

Prompt Augmented Vector Image and Audio
Engineering Generation Databases Generation

(RAG)

Model Tuning

Human in the Deepfake Responsible Al

Loop (HITL) Technology

& Al come to PN E
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Episode 1 Reca
(‘ Informatica P P

Layers of Gen Al Architecture

e Application/UX

Data Platform
APl Management Layer

Large Language Model Ops (LLMOps)
Prompt Engineering

ML and LLM Foundation Models
Model Fine-Tuning and Model Hub

Compute
¢ Cloud Platform
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Episode 1 Reca
(‘ Informatica P P

Gen Al

@ Data Issues M@ Data reliability ®No Idea
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Recipes

At a glance!
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Recipes

All Recipes (49)

Episode 1 Recap

8 8 M H

%0 @

Al Agent for Dynamics 365 using Azure OpenAl

Use the Al Agent for Dynamics 363 using Azure OpenAl recipe to autonomously interact with Dynarmics 365
&nd address user queries.

Tags: Al, agent

€ Fubliched by Informatica

e & @
Al Agent for Salesforce using Google Gemini

Usethe &l Agent for Sales: i recipe o ith Salests d
address user queries.

Tags: cai, gemini, Salesforce, Al

«® Published by Informatica

me

Al Agent for Supply Chain Management using Amazon Bedrock

Use Al Agent for Supply Chain using drock recipe to handl | langusge
queries across services, such as Informatica Master Data Management (MDM), Informatica Data...

Tags: GenAl, SupplyChain, AWS, Bedrock

¥ Fublishedby Informatica

[ =

‘Amazon Bedrock Chat with History

Use th hat with History recipe to history in a file and use it as context far
the next quary you ask and the Largs Language Models (LLM) rasponse.

Tags: Amazon, Bedrock, Chat, History

Q Published by Informatica

@ @
Amazon Bedrock Prompt Chaining

Use the Amazon Bedrock Prompt Chaining recipe to design prompt chains and resolve them in seq:

m @

Automobile Insurance Claim Processing with Amazon Bedrock

20 that it providss the desired responses from a Large Language Mode! {LLM)

Tags: Amazon, Bedrock, Prempt, Chaining

Q Published by Informatica

Use th bil | ing with Amazon Bedrock recipe to evaluate a claim request,
&saess the vehicle damage, and estimate the inauranca payout based on the uploaded images.

Tags: GenAl, insurance, human_task, images, amazon, bedrock

Q Published by Informatica

(4] ®

‘Automobile Insurance Claim Processing with Azure OpenAl

Use the Automabile Insurance Claim Processing with Azure Open| recipe 1o evaluste a claim request,
assess the vehicle damage, and estimate the insurance payout based on the ploaded images.

Tags: GenAl, insurance, human_task, images, azure, openAl

@ Published by Informatica

‘.:‘I.“\
Automobile Insurance Claim Processing with Google Gemini

Use the Automobile Insurance Clsim Processing with Google Gemini recipe to evaluste a clsim raquest,
d nd the payout based on the uploaded images.

Tags: GenAl, insurance, human_task, images, gemini

Q Published by Informatica

a ®
Azure Al Search Ingestion Automation with ADLS

Use Azure Al Search Ingestion Automation with ADLS to leam how to create an index, data source, and
indexer for the exi Amazon Data L LS). populate the index with the data, and..

Tags: Azure, Al, Search

Q Published by Informatica
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Understanding Gen Al Project Flow —
Breaking down the stages of a Gen Al
implementation
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Overview of the Stages

Problem Definition

(- ]
amo o  Data Strategy

X Model Strategy
%% Architecture &
Infrastructure

“ Informatica

Training / Tuning

Testing & Evaluation

Deployment

Governance, Risk & Compliance

Continuous Improvement




Problem Definition

What specific business problem or opportunity are we addressing?

1.0bjective Identification
2.Scope of the Problem
3.Stakeholder Analysis
4.Current State Analysis
5.Requirements Gathering
6.Constraints and Limitations
7.Risk Identification

8.Success Metrics

9.Feasibility Study

10.User Impact and Experience

(‘ Informatica




Data Strategy g

|dentify, access, and prepare relevant, high-quality data.

1.Data Collection

2.Data Quality Assessment
3.Data Preprocessing

4.Data Privacy and Security
5.Data Governance

6.Data Storage and Architecture
7.Data Annotation and Labeling
8.Data Integration

9.Data Scalability

10.Ethical Considerations
11.Feedback Loop

(‘ Informatica




O

Model Strategy >

O

Choose between prompt engineering or model building.

1.Model Selection

2.Model Training Objectives
3.Training Data Preparation
4.Performance Metrics
5.Hyperparameter Tuning
6.Validation and Testing
7.Model Risk Management
8.Bias and Fairness Considerations
9.Model Governance
10.Scalability and Efficiency
11.Deployment Plan
12.Monitoring and Maintenance

(‘ Informatica




Architecture & Infrastructure Sl

Set up the Infrastructure backbone: cloud, GPUs, APIs, data pipelines.

1.Infrastructure Requirements:
2.Cloud vs. On-Premises:
3.System Architecture Design:
4.Network and Connectivity:
5.Storage Solutions:

6.API and Integration Layers:
7.Security and Compliance:
8.Redundancy and Failover:
9.Monitoring and Logging:
10.DevOps and CI/CD Pipelines:
11.Scalability and Load Balancing:
12.Disaster Recovery and Backup:

(‘ Informatica




Training / Tuning v

228

Customize the model using curated datasets and reinforcement.

1.Initial Model Setup

2.Data Preparation

3.Training Procedures

4.Model Tuning

5.Validation Strategy

6.Iterative Optimization
7.Regularization Techniques
8.Error Analysis

9.Checkpointing and Model Saving:
10.Performance Monitoring
11.Bias and Fairness Testing
12.Adaptation and Generalization

(‘ Informatica




Testing & Evaluation g

Measure accuracy, fairness, and real-world effectiveness.

1.Comprehensive Evaluation
2.Benchmarking

3.Testing on Diverse Data Sets
4.User Acceptance Testing (UAT)
5.Stress Testing

6.Error and Bias Analysis
7.Performance Validation
8.Feedback Loop
9.Documentation

10.Sign-off and Approval

(‘ Informatica




Deployment ;

Roll out via apps, chatbots, APls, or internal tools.

1.Deployment Planning

2.Integration with Existing Systems
3.Production Environment Setup

4.Security and Compliance Checks

5.Load Testing and Performance Optimization
6.Monitoring and Logging

7.Continuous Integration and Continuous Deployment (Cl/CD)
8.Backup and Disaster Recovery

9.User Training and Support

10.Feedback Mechanisms

11.Go-Live and Post-Deployment Validation

(‘ Informatica




Governance, Risk & Compliance

Address ethics, data security, regulatory requirements.

1.Problem Definition:

2.Data Strategy:

3.Model Strategy:

4.Architecture and Infrastructure:
5.Training / Tuning:

6.Evaluation and Testing:
7.Deployment:

8.Monitoring and Maintenance:
9.lteration and Improvement:

(‘ Informatica




Continuous Improvement oY

O¢

Monitor, retrain, and evolve the model with real-world feedback.

1.Performance Monitoring

2.Error and Incident Tracking

3.User Feedback Collection

4.Regular Updates and Improvements
5.Scalability Adjustments

6.Security and Compliance Audits

7.Backup and Recovery Testing

8.Version Management and Documentation
9.User Training and Support Updates
10.Sustainability and Efficiency Evaluations

(‘ Informatica




Overview of the stages - Final Thoughts

Start small. Prove value. Scale responsibly.

(‘ Informatica © Informatica. Proprietary and Confidential.
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Deep Dive into Informatica's blueprints of
Gen Al Architectures




Blueprints for Enterprise-Grade Gen Al

4. .
Gemini

Google Cloud Generative Al Architecture ~ Google Cloud

Informatica Metadata Intelligence for Generative Al

Building Enterprise GenAl Apps with Amazon Bedrock & Informatica IDMC

DuaSouces Dt ingestion ‘Sarvng utmysteen

OCl

ORACLE

Oracle Cloud Generative Al Architecture

lDﬂatabricks Generative Al Architecture

Informatica Metadata Intelligence for Generative Al
Bullding GenAl Apps with Cortex & oMC

«® informatica
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https://www.informatica.com/content/dam/informatica-com/en/collateral/reference-architecture/reference-architecture-snowflake-genai-blueprint_5073.pdf
https://www.informatica.com/content/dam/informatica-com/en/collateral/reference-architecture/reference-architecture-aws-genai-blueprint_5074.pdf
https://www.informatica.com/content/dam/informatica-com/en/collateral/reference-architecture/reference-architecture-databricks-genai-blueprint_5071.pdf
https://www.informatica.com/content/dam/informatica-com/en/collateral/reference-architecture/reference-architecture-google-genai-blueprint_5075.pdf
https://www.informatica.com/content/dam/informatica-com/en/collateral/reference-architecture/reference-architecture-oracle-genai-blueprint_5076.pdf
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Informatica Enabled GenAl on Azure
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https://www.informatica.com/content/dam/informatica-com/en/collateral/reference-architecture/reference-architecture-microsoft-genai-blueprint_5072.pdf

GenAl Blueprint for Amazon Web Services (AWS)

GenAl Blueprint for Amazon Web Services (AWS)

Retrieval-Augmented Generation (RAG) framework in Informatica LENVIs
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FRONTEND
— s N\
@ MODEL AS A SERVICE INFORMATICA SERVICES
API Layer API PLANNING ﬂ @ g E@:‘
AGENT ==
=7 = i 5 Amazon Beshock (LLM) dbestonge | MOtEI0  Data Ouaility Data Access
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g Amazon ——— Seach =) ——
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INFORMATICA SERVICE IE Service
AWS
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GenAl Blueprint for AWS

« Powered by Informatica and AWS
* A reference architecture for building GenAl applications
on AWS

“ Informatica



Core Pillars

1. Generative Al App Orchestration
2. Metadata Intelligence

3. Data Engineering

4. Model as a Service

5. Vector Store Integration

“ Informatica



Gen Al Blueprint for AWS

« Powered by Informatica and AWS
* A reference architecture for building GenAl applications
on AWS

“ Informatica



Healthcare Use Case 1: Intelligent Clinical Documentation

Problem: Time-consuming manual note-taking.
Solution: GenAl generates clinical summaries from structured data

-Problem:Time-consuming manual note-taking

il -Solution Gendl generates linical summeries rom
Structured data Clinical structured & unstructured data
N @ summaries N ‘DMCROE
Unstructured data % Nata infect iman
- saa-ouvrranice  OVCME Datangestion from EFR e imaging
CDI/CMI lAUtomates * CAI: Automates GenAl workfows
Data ingestion workflows * Data Govermance: Enures HIPAA compliance
from EHR,
lab, imaging Data
Gover J e

G Informatica © Informatica. Proprietary and Confidential.



Claims

* check
CLINICAL comple- GenAl
DOCUMENTION teness
o verify —
accuracy :

s

AUTOMATED MEDICAL | CAI
CODING

(‘ Informatica

DATA
=| _ Quaum \ 5

ealthcare Use Case 2: Automated Medical Coding &

ICD/CPT
CODES

- Problem: Delayed claims due to manual
coding.

- Solution: GenAl maps documentation to
ICD/CPT codes.

- IDMC Role:
* Data Quality: Maintains accuracy.

* CAl Flows: Triggers real-time model
use.



Insurance Use Case 1: Underwriting Automation

- Problem: Manual review of extensive

1® AN Catalog data.

Ensure governed - Solution: GenAl summarizes

} data access applications and risk data.

- IDMC Role:
@ — * CDI: Aggregates policy and CRM
Orchestrate LLMs data.
for risk analysis

J
AN
7

Aggregate policy

and CRM data

—;B ; * CAl: Orchestrates LLMs for risk
— analysis.
1105 v . |
Catalog: Ensures governed data
Summary
insights aCCess.
— L]
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Integrating EHR files with Vector Database using CDI
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Healthcare Use Case 1: Intelligent Clinical Documentation

Problem: Time-consuming manual note-taking.
Solution: GenAl generates clinical summaries from structured data

-Problem: Time-consumingmanual note-taking

GEA -Soluion: GenAl generatesclincal summaries from
Structured data Clinical structured & unstructured cata
: summaries ,
, @ > DR
Unstructured data x ‘Nata inecti ima
- saa-ouvrranice  eOVCHIDatamgestion from EFR e, imaging
CDI/CMI iAUtomateS * CAL Automates GenAl workflows,
Data ingestion workflows * Data Govemance: Ensures HIPAA compliance
from EHR,
lab, imaging Data
Gover J e

G Informatica © Informatica. Proprietary and Confidential.



Gen Al Requirements in Modern Data Architecture

Gen Al

Unstructured : Large language
Data Transformations Vector Database Models (LLM)

© Informatica. Proprietary and Confidential.
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Informatica RAG Ingestion and Al Inference Architecture

Informatica
Data

Integration

RAG Ingestion

Data Sources Extraction & Parsing Chunking
Y ™[ Ingest 5B
° s 5BE
o

EBE

A st A A

Generate Embeddings

Rac

i<k
LE

Vector Store
Write

=
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Gen Al Transformations

Q Chunking transformation

Chunking transformation splits large pieces of text into smaller segments, or chunks.

Sentence splitting
Word splitting

Fixed length character splitting

I.E—...
d Vector Embedding transformation _ Vector
mbedding

Vector Embedding transformation to generate vector embeddings for input text, capturing the semantic meaning of
the text in a vector format.

Word embedding

BERT embedding




Vector DB Connector (Pinecone)

O Pinecone Connector
Pinecone Connector streamlines the process of ingesting data into Pinecone, performing vector searches, and

integrating search results into your application workflows.

Connection Details

Connection Name:* Pinecone | t ’a P i necone
Description: | |
Type* @ | Pinecone v|

Pinecone REST APIs for interacting
programmatically with the Pinecone account using
HTTP requests.

(] Use Secret Vault @

Runtime Environment:* @ |Selec't___ V|

APl Key™ @ | |

Note: The API key of your Pinecone account to authenticate access to the Pinecone APIs.




Integrating EHR files with Vector Database

CDI-Advanced Mapping
o m_ADLSG2_PDF_ehr_documents_vectorize_into_Pinecone-Advanced 3 ® vaiid Save m [
Design o) ]ﬁ[ %<

= |

Source

&

Target

'lsjrrr_:;r?Ils_SGz_PDF_doc [ chn_pdf _text ] Vﬁg\ Ehgl_xt_vedms_sm exp_uuid word2vec yg_egnemne_ehr_mf_

A & TCE r ad: *s Rl
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Query Pinecone using CAl

DEMO



Healthcare Use Case 1: Intelligent Clinical Documentation

Structured data

——)
Unstructured data

CDI/CMI

Data ingestion
from EHR,
lab, imaging

GenAl

Clinical
@ ummarles

Automates
workflows

"Jdaa-ouwTranice

Data
Gover J ce
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Querying Pinecone

Get your Answers Fast: Harness EHR Insights with Pinecone.

Pinecone enhances your data retrieval through both semantic and lexical searches:

« Semantic Search: This is a powerful approach where queries are matched with vectors based on their
semantic relevance rather than just keywords. It's perfect for understanding context and meaning within
documents.

« Lexical Search: On the other hand, lexical search focuses on direct keyword matching, often valuable when
you need precision on specific terms present within your dataset.

Steps involved:

« Context search using Vector Embeddings
 Generate Vector Embeddings using Open Al

« Formulate Pinecone Query

* Query Plnecone

« Use Open Al chat completion for the response

(‘ Informatica



Utilizing Ingested Data with OpenAl

Get your Answers Fast: Harness EHR Insights with Pinecone.

Formulating Pinecone Queries:

We'll execute Pinecone queries utilizing both vector and lexical search strategies. This duality
ensures comprehensive retrieval of relevant data based on semantic context as well as

keyword precision.
 Getting Answers using OpenAl Chat Completion

The retrieved dataset is processed using OpenAl's chat completion feature, where Al interprets
the data contextually, generating insightful answers to our queries. This involves harnessing Al
capabilities to not just retrieve raw data points, but to synthesize them into meaningful insights.

“ Informatica



Sample EHR-PDF File

Patient™s clinical historw:

FPlease afso srare the sowrce of the informarion fe.g. from medical records. from the
pariernt, firom che applicant erc_ ).

Mlr Tan Ah Kow was accompanied by his son., Mr Tan Ah Beng, for the examination.
Mr Tan is a 55 vear old man. who is divorced. and unemployved. MMr Tan is currently
living with his son. Ah Beng. in Ah Beng’s flat. Mr Tan Ah Beng informed me that
BAr Tan Ah Kow used to work as a cleaner.

BAr Tan Ah Kow has a history of medical conditions. He has had hypertension and
hyvperhipidemia since 1990 and suffered several strokes 1in 2005, He subsequently
developed heart problems (cardiomyopathy)., cardiac failure and chronic renal disease
and was treated in ABC Hospital.

He was last admitted to the ABC Hospital onn 1 April 200100 @2ll 15 April 20100, during
which he was diagnosed to have suffered from a stroke. This was confirmed by CT
and MEIT brain scans.

Thereafter, he was transferred to X% FE Hospital for stroke rehabilitation on 15 April
2010.

After that, Wir Tan was referred to Blackacre Hospital for follow-up treatment from in
Movember 2010. The clinical impression was that he was manifesting behavioural and
psychological symptoms secondary to Dementia.

(‘ Informatica




Querying Pinecone

CAl Process Flow

® Search_Category_Upd @ vaiid

Design

B8

Assignment

& Start

Subprocess Openal Prepare
. » & Embedding 4 H Finecone Query
o

Human Task

G

Create

Receive

(‘ Informatica

| Find Q | e
| Assignment to Create
» % Query Vectors H testOutput, » % ChatCompletion
testquery 5
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Query 1

Get your Answers Fast: Harness EHR Insights with Pinecone.

arams Authorization Headers (9) Body = Scripts Settings

0 none 0 form-data (O x-www-form-urlencoded © raw (0 binary (0 GraphQL JSON -~

T 2
2 "context": "Giwve Patient Details that we are txrying to Analyze",
3 "max candidates": "100",
ody Cookies Headers (15) Test Resulis -{D
{} JSON ~ > Preview ¥ Visualize ~
P SNpPLOYIHSEINL__SLaLus = unginpLroyeud -
23 "medical histoxrwy": [
24 "Hypertension since 1990",
25 "Hyperlipidemia since 1990",
26 "Suffered sewveral strokes in 200605",
27 "Heaxrt problems (cardiomyopathy)",
28 "Cardiac failure",
29 "Chronic renal disease"
30 1,
31 "mama": "Mx Tan Ah Kow",
32 "living arrangement": "Liwving with son, Mx Tan Ah Beng",
33 "address": "Flat with son (incorrectly stated as Bedok, actual location Juzxong)",
34 "current_condition": §
35 "cognitive abilitv": "Gradual deterioration obserwved",

Find and replace [ Console ¥® Postbot ]

(‘ Informatica © Informatica. Proprietary and Confidential.




Query 2

Get your Answers Fast: Harness EHR Insights with Pinecone.

"context": "Give the doctor and clinic details",
"max_candidates": "100",

SECTION 2: DOCTOR’S PARTICULARS

Jokies Headers (15) Test Results D)

Full name of doctor: Tan Ah Moi

\ v D> Preview {9 Visualize

NRIC/FIN/Passport no. of doctor: S22222227

I o R TR L

MCR no. of doctor: 333333 :.|. :cestquery e
1
Hospital / Clinic name and address: | Blackacre Hospital, Singapore 01010101 "mer_number”: "333333",
"full_name": "Dr Tan Ah Moi",
"nric": "522222227"
i,
1
"name": "Blackacre Hospital",
"address": "1 Blackacre Hospital, Singapore 01010101"
§
]

(‘ Informatica




Query 3

Get your Answers Fast: Harness EHR Insights with Pinecone.

MEDICAL REPORT POST v https://nal.ai.dm-us.informaticacloud.com/active-bpel/public/rt/0uYwTZkQeXajPU1G0O0gUyF/<
SECTION 1: PATIENT’S PARTICULARS Params Authorization Headers (9) Body ® Scripts Settings
none form-data x-www-form-urlencoded O raw binary GraphQL JSON v
Full name of patient: Mr Tan Ah Kow
1 9
. 2 "context": "Give Patient name and his age and particulars”,
NRIC/FIN/Passport no. of patient: S1111111X 3 'max_candidates": "100",
4 "max_results": "50",
Age of patient: 55 years old 5 "index_host": "ehr-pdf-ingest-uwavz9d.svc.aped-4627-b74a.pinecone.io”
6 "namespacel” : "ehr-pdf-ingest”
-

Body Cookies Headers (15) Test Results 'D)

{} JSON v > Preview {9 visualize ~

12 i

13 "name": "Mr Tan Ah Kow",

14 "NRIC": "S1111111X",

15 "age": "B5",

16 "doctor": 1

17 "MCR_no": "333333",

18 "name": "Dr Tan Ah Moi",

19 "hospital”: "1 Blackacre Hospital, Singapore 01010101",
20 "NRIC": "S22222227"

(‘ Informatica



Query 4

"context": "Give Patient name and summary of the condition",
ies Headers (15) Test Results @ 200 OK
. > Preview {9 Visualize ~
"Summary": 1
"Prognosis": "Unlikely to regain mental capacity; condition expected to worsen over time.",

"CurrentCondition": E
"MentalCapacity": 1

"PropertyandAffairs": "lLacks capacity to make decisions regarding propexrty and financial affairs.'
"PersonalWelfare”: "lacks capacity to make decisions regarding personal welfare."
£
"PhysicalCondition": "Incontinent, unable to bathe or use the toilet independently, but able to feed himself.
"CognitiveFunction": "Gradual deterioration observed over the years."

"MedicalHistory": [
"Dementia",

"Stroke",
"Hypertension",

(‘ Informatica © Informatica. Proprietary and Confidential.
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